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The WGBS prototype assay and classifier showed an increase of classifier scores with the log of TF and saturation around a TF of 0.01. Relationship between tumor area and TF for tumors with microinvasion below the subserosa (red), and tumors that invade beyond the subserosa
Consequently, for modeling purposes, TF could be imputed from WGBS prototype classifier results with low-to-intermediate TF (red dots). (teal). The model was fit in linear space and displayed here on a log scale for visualization only. TF increases with tumor area, with slope

depending on the depth of microinvasion. TF, tumor fraction.




