Tumor Methylation Patterns Accurately Measure Tumor Fraction in Cell-free DNA
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O Here we extend the idea of SNV allele fraction to methylation patterns in order to estimate allele
fractions from methylation sequencing data and subsequently assess the limit of detection of Small Variant Methyl Variant
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O Inasubset of training samples from the pre-specified second CCGA sub-stuay, the following
data were collected: \
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: : : Figure 2: (A) A boxplot of the number of methylation variants per megabase is shown per cancer type for all variants (black) and - -
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